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Averages don’t average out

Property Damages Natural Disasters > $10M Flood Claims [$ / S income] per county year
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Nice Distributions don’t
behave like that



Thin Tail Averages
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Thin Tail Averages
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Katrina cost 100SB

What’s the chance that the Next Katrina
will cost >200SB?

Probability that next extreme > 2 x current
extreme

100 samples 2500 samples

Thin tail 0.02 0.0008
(exponential)

Super Fat 0.5 0.5



Wind Claims

“...sorrows come in battalions”
Tail Dependence
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Dr. Gordon Woo
-Why are damage distributions fat tailed?
-How can we deal with them?



Prof. Embrechts:
-How does Quatitative Risk Management in
(Re) Insurance deal with fat tails?



Dr Ballen:
Can damage mitigation ‘put the tails on a
diet’? And why is this (not?) happening?



Dr. Michael Cohen:
What are federal/state legislative ideas
to mitigate against catastrophic risk?



